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ABSTRACT 

Opinion mining is the computational analysis of text-based expressions of people's opinions, sentiments, 

attitudes, and emotions. Because views are fundamental to practically all human activities and are significant 

determinants of our behavior, it has a wide range of applications. We seek out other people's perspectives 

whenever we need to make a decision. Our project can quickly process any quantity of YouTube comments 

and provide real-time results. The goal of this research is to develop an efficient classification model for 

YouTube comments that is both accurate and automatic. The current study uses Random Forest and Naive 

Bayes for its analysis. Here, we go through the opinion mining procedure, and the results are classified as 

either favorable, negative, or neutral. 
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I. INTRODUCTION 

Some of the most well-known social media websites in the world, like YouTube, give all users a voice and the 

ability to express their thoughts and feelings. Opinion mining can be used to extract and quantify these users' 

opinions and feelings. This study looks at opinion mining on YouTube comments and how effectively it can 

forecast how a YouTube video will perform by counting how many comments are positive, neutral, or 

negative. We examined four alternative prediction models that employ neutral remarks in various ways. Pre-

training on YouTube comments, tweets, and a combination of tweets and comments was done on five different 

classifiers. The expected and actual liking proportions showed some positive association. A logistic regression 

classifier was the configuration with the best performance. 

Opinion Mining allows you to get inside your customers’ heads and find out what they like and dislike, and 

why, so you can create products and services that meet their needs. When you have the right tools, you can 

perform opinion mining automatically, on almost any form 

of unstructured text, with very little human input needed. It can process thousands of pages, comments, emails, 

or surveys in just minutes for real-time results. The most common use of opinion mining works to categorize 

comments and statements on a scale of opinion polarity. This can be simply positive, negative, or neutral. 

 

II. PROPOSED SYSTEM 

In our current model we mine the YouTube comments which is useful for the content makers and YouTubers 

to make a review about their video. and it will be time saving process for them instead of reading all the 

thousands of text mentioned in the comments . We fetched the real time data base from google API key. 
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Using thesealgorithms Random Forest and Naive Bayes undergo the process of data cleaning , data 

preprocessing,analyzing and prediction and the results are viewed in a plot bar classifying positive ,negative 

and neutral comments 

Our methodology in YouTube comment analysis is classifying polarity of a given data is positive , negative or 

neutral. 

Data Collection: Existing YouTube comments data set via YouTube API 

Data Pre processing : Get the “clean” data and transform it to the format we need 

Analysis: Train a classifier to classify the commments as: positive, negative and neutral 

Prediction: The results are viewed in a plot bar 

III.IMPLEMENTATION 

In this project it is going to provide information about the opinions of the people posted in YouTube as their 

comments in the form of positive ,negative and neutral format.we give the url of the video it will fetch the 

comments clean, analyze and then opinions are fetched in the form of a plot bar 

 

 

Flow chart 

IV.RESULTS 
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 GETTING THE COMMENTS WITHOUT REPLIES 

$   “ python yt_comments_analyzer.py -u https://www.youtube.com/watch?v=W3B73VDCDfM ” 
Get comments for the given video . 

 

 

 GETTING THE COMMENTS WITH REPLIES 

$   “ python yt_comments_analyzer.py -u https://www.youtube.com/watch?v=W3B73VDCDfM  -ir -o 

result_chart.png” 
Get comments with replies for the given video 

 
The comments will be fetched using YouTube API key. Fetched data will be preprocessed and classified . The 

results can be displayed in plot bar for comments without replies and with replies. 

CONCLUSION 

Using a straightforward prediction based on the number of comments classified as positive, neutral, and 

negative, our study looked into the prediction of like proportions of YouTube videos. The like ratios of 

YouTube videos and the expected like ratios based on the sentiment of their comments categorized by the 

classifiers employed in this investigation showed some correlation. 

FUTURE SCOPE 

This project involves almost all the feature for the opinion mining for YouTube comments. In future we can also 

add a new feature which can process emoji’s from the data.  Certain emojis couldn’t be properly encoded in our 

chosen file format (UTF- 8) so those emoji characters had to be deleted. 
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